, type="l", legend=FALSE, col=1:60, main="HCFA-CDI Incidence (per 10,000 patient-days)", xlab="Month", yl ab="Incidence per 10,000 patient-days") axis(side = 1, at=1:60, labels=FALSE) ## date3 ## HospitalID 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 ## 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 0 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 1 1 1 1 1 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 0 0 0 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 1 1 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1052 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1054 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1055 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1056 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1057 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1058 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1060 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1062 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1063 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## date3 ## HospitalID 46 47 48 49 50 51 52 53 54 55 56 57 58 59 60 ## 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 0 0 0 0 0 0 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1052 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1054 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1055 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1056 1 1 1 1 1 1 1 1 1 1 0 0 0 0 0 ## 1057 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1058 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1060 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1062 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1063 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 print(xyplot(CA_CDI_cases ~ date3 | HospitalID, ca_cdi_final, aspect = "xy", layout = c(5,5), type = c("g", "p", "r"), index.cond = function(x,y) coef(lm(y ~ x))[1], xlab = "Month", ylab = "CA cases")) # HCFA Plots xtabs(~ HospitalID + date3, hcfa_cdi_final) ## date3 ## HospitalID 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 ## 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 0 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 1 1 1 1 1 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 0 0 0 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 1 1 1 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1052 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1054 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1055 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1056 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1057 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1058 0 0 0 0 0 0 0 0 0 0 0 0 1 1 1 1 1 1 1 1 1 ## 1060 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1062 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1063 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## date3 ## HospitalID 46 47 48 49 50 51 52 53 54 55 56 57 58 59 60 ## 1001 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1002 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1003 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1004 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1005 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1006 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1008 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1009 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1010 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1011 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1012 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1017 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1019 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1021 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1022 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1023 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1024 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1026 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1028 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1029 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1031 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1033 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1036 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1039 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1040 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1043 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1044 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1045 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1046 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 ## 1047 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1048 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1049 1 1 1 1 1 1 1 1 1 0 0 0 0 0 0 ## 1050 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1051 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1052 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1054 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1055 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1056 1 1 1 1 1 1 1 1 1 1 0 0 0 0 0 ## 1057 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1058 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1060 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1062 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 ## 1063 1 1 1 1 1 1 1 1 1 1 1 1 1 1 1 print(xyplot(HCFA_CDI_cases ~ date3 | HospitalID, hcfa_cdi_final, aspect = "xy", layout = c(5,5), type = c("g", "p", "r"), index.cond = function(x,y) coef(lm(y ~ x))[1], xlab = "Month", ylab = "HCFA cases")) # Organizing a fitted response: pred_ca <-cbind(ndata, "model"=predict(ca_model6, newdata=ndata, type="link", se.fit=TRUE, allow.new.levels=TRUE)) pred_ca$predicted_rate <-exp(pred_ca$model.fit)/941*1000 pred_ca$ll <-exp((pred_ca$model.fit)-1.96*(pred_ca$model.se.fit))/941*1000 pred_ca$ul <-exp((pred_ca$model.fit)+1.96*(pred_ca$model.se.fit))/941*1000 pred_ca$Molecular <-as.factor(pred_ca$Molecular) # Plotting CA predicted (stratified by test type): ca_pred_plot <-ggplot(pred_ca, aes(x=date3, y=predicted_rate, group=Molecular, color=Molecular))+ geom_line(size=2)+ geom_ribbon(aes(ymin=ll, ymax=ul, group=Molecular, fill=Molecular), alpha=0.15)+ scale_x_continuous(name="Year", breaks=c(1, 13, 25, 37, 49), labels=c("2013", "2014", "2015", "2016", "2017"))+ ylab("Modeled CA-CDI Rate (per 1,000 admissions)")+ labs(NULL)+ ylim(0,30) ca_pred_plot # Plotting CA predicted (presuming molecular testing): pred_ca_molec <-subset(pred_ca, pred_ca$Molecular==1) ca_pred_plot2 <-ggplot(pred_ca_molec, aes(x=date3, y=predicted_rate))+ geom_line()+ geom_ribbon(aes(ymin=ll, ymax=ul), alpha=0.25)+ scale_x_continuous(name="Year", breaks=c(1, 13, 25, 37, 49), labels=c("2013", "2014", "2015", "2016", "2017"))+ ylab("Modeled CA-CDI Rate (per 1,000 admissions)")+ labs(NULL)+ ylim(0,30) ca_pred_plot2 # CA Model 6: Negative Binomial 2 with correlated random intercept/random slope (date3|HospitalID), no zero inflation compon ent # Repeating but unadjusted: ca_model6_un <-glmmTMB(CA_CDI_cases~date3+offset(log(CDiffTotalAdmissions))+(date3|HospitalID), data=ca_cdi_final, ziformul a=~0, family=nbinom2) summary(ca_model6_un) "model"=predict(hcfa_model6, newdata=ndata, type="link", se.fit=TRUE, allow.new.levels=TRUE) ) pred_hcfa$predicted_rate <-exp(pred_hcfa$model.fit)/4078*10000 pred_hcfa$ll <-exp((pred_hcfa$model.fit)-1.96*(pred_hcfa$model.se.fit))/4078*10000 pred_hcfa$ul <-exp((pred_hcfa$model.fit)+1.96*(pred_hcfa$model.se.fit))/4078*10000 pred_hcfa$Molecular <-as.factor(pred_hcfa$Molecular) # Ribbon plot: hcfa_pred_plot <-ggplot (pred_hcfa, aes(x=date3, y=predicted_rate, group=Molecular, color=Molecular) )+ geom_line(size=2)+ geom_ribbon(aes(ymin=ll, ymax=ul, group=Molecular, fill=Molecular), alpha=0.15)+ scale_x_continuous (name="Year", breaks=c(1, 13, 25, 37, 49), labels=c("2013 (name="Year", breaks=c(1, 13, 25, 37, 49), labels=c(" ", "2014 (name="Year", breaks=c(1, 13, 25, 37, 49), labels=c(" ", "2015 (name="Year", breaks=c(1, 13, 25, 37, 49), labels=c(" ", "2016 (name="Year", breaks=c(1, 13, 25, 37, 49), labels=c(" ", "2017 )+ ylab("Modeled HCFA-CDI Rate (per 10,000 patient-days)")+ labs(NULL)+ ylim(0,30) hcfa_pred_plot # Plotting HCFA predicted (presuming molecular testing): pred_hcfa_molec <-subset(pred_hcfa, pred_hcfa$Molecular==1) hcfa_pred_plot2 <-ggplot(pred_hcfa_molec, aes(x=date3, y=predicted_rate))+ geom_line()+ geom_ribbon(aes(ymin=ll, ymax=ul), alpha=0.25)+ scale_x_continuous (name="Year", breaks=c(1, 13, 25, 37, 49) , labels=c("2013", "2014", "2015", "2016", "2017"))+ ylab("Modeled HCFA-CDI Rate (per 10,000 patient-days)")+ labs(NULL)+ ylim(0,30) hcfa_pred_plot2 # HCFA Model 6: Negative Binomial 2 with correlated random intercept/random slope (date3|HospitalID), no zero inflation comp onent # Unadjusted modeling hcfa_model6_un <-glmmTMB(HCFA_CDI_cases~date3+offset(log(CDiffPatientDays))+(date3|HospitalID), data=hcfa_cdi_final, ziform ula=~0, family=nbinom2) summary(hcfa_model6_un) colnames(mean_pct_ca) <-c("date3", "mean_pct_ca") colnames(pct_ca_sd) <-c("date3", "sd") pct_ca_agg2 <-left_join(mean_pct_ca, pct_ca_sd, by="date3") pct_ca_agg2$ll2 <-pct_ca_agg2$mean_pct_ca-2*pct_ca_agg2$sd pct_ca_agg2$ll2 <-ifelse(pct_ca_agg2$ll2<0, 0, pct_ca_agg2$ll2) pct_ca_agg2$ul2 <-pct_ca_agg2$mean_pct_ca+2*pct_ca_agg2$sd library(tidyverse) complete_prop_data <-left_join(plotdata, pct_ca_agg2, by="date3") #tiff('P:/DICON_OUTREACH/Research/Nick Turner ARLG Research/DICON CDI Basic Epi/figure_3b.tiff', units="in", width=10, heigh t=6, res=300) summary_prop_graph <-ggplot()+ geom_point(data=complete_prop_data, aes(x=date3, y=100*mean_pct_ca))+ geom_line(data=complete_prop_data, aes(x=date3, y=100*PredictedProbability), color="red")+ geom_ribbon(data=complete_prop_data, aes(x=date3, ymin=LL, ymax=UL, alpha=0.1, fill="red"))+ scale_x_continuous (name="Year", breaks=c(1,13,25,37,49), labels=c("2013 (name="Year", breaks=c(1,13,25,37,49), labels=c(" ", "2014 (name="Year", breaks=c(1,13,25,37,49), labels=c(" ", "2015 (name="Year", breaks=c(1,13,25,37,49), labels=c(" ", "2016 (name="Year", breaks=c(1,13,25,37,49), labels=c(" ", "2017 )+ ylab("Proportion of CA-CDI Cases Relative to Total CDI Cases")+ labs(NULL)+ ylim(30,85) summary_prop_graph #dev.off() detach(total_cdi) # Creation of combined plots: library(gridExtra) ## Warning: package 'gridExtra' was built under R version 3.6.1 ## ## Attaching package: 'gridExtra' ## The following object is masked from 'package:dplyr': ## ## combine ca_pred_plot3 <-ggplot(pred_ca_molec, aes(x=date3, y=predicted_rate))+ geom_line()+ geom_ribbon(aes(ymin=ll, ymax=ul), alpha=0.25)+ scale_x_continuous (breaks=c(1,13,25,37,49) , limits=c(0,60))+ ylab("Modeled CA-CDI Rate (per 1,000 admissions)")+ theme(axis.title.x = element_blank(), axis.text.x = element_blank())+ labs(NULL)+ ylim(0,30) ca_pred_plot3 hcfa_pred_plot3 <-ggplot(pred_hcfa_molec, aes(x=date3, y=predicted_rate))+ geom_line()+ geom_ribbon(aes(ymin=ll, ymax=ul), alpha=0.25)+ ylab("Modeled HCFA-CDI Rate (per 10,000 patient-days)")+ theme(axis.title.x = element_blank(), axis.text.x = element_blank())+ scale_x_continuous (breaks=c(1,13,25,37,49) , limits=c(0,60))+ labs ( a A post-hoc sensitivity analysis was conducted to address the potential for misclassification of CA-versus HCFA-CDI cases by the LabID definition. For this analysis, more stringent definitions for HCFA-CDI were applied -including all patients admitted from a skilled nursing facility, extended care facility, or other hospital.
